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A Study of Car Information Mobile APP Recommender System based
on Product Comparing Records

2 ¥%  Fang-Lin Wu'
)% F Hsiu-Wen Liu?
2
X TR R 2 )@’* FEN R e 4 > 8 94 xrami YL e 31 I
p> 7
PHAEFF L EE LS BE R AN NEA e p R G L C +'ﬁ %’*?é&«?%ﬁff’f

L EREE R (b AR RSN D EE)
REJFHAEFTPESAL L LFH L - BHPMBEAE S 5 R ﬂsﬁimiﬁ_
HCAPP chig * ¢ R % hF e RATE TS IR BER T FRE LA AR
| red o BEMEARR AP 22 - REHTD A ETADER APP I o

Mat: o e k5 TAED « B

Abstract

People's life and habits have changed with the increasing usage of mobile devices and
applications. In response to this market trends, many companies have joined the development of
apps. Several apps have been developed that allow users to search product information. This
kind of apps can improve user’s experience if they can provide recommendations. In this study,
we use the behavior information of product comparing records from a car app to create car
recommendation system. The association rule analysis was adopted as the miming method.
Through the empirical analysis, we develop recommendation rules for car information app. The
conclusions and managerial implications will also be discussed.
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